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Spatial interpolation techniques 

• Inverse distance 

• Thiessen polygons 

• Contouring 

• Kriging 
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Inverse distance 
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Inverse distance 
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Inverse distance 

Source Unknown 



6 

Thiesen polygons 

Source Unknown 
Source Unknown 
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Contouring 

Source Unknown 
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Kriging 
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Kriging 

Ordinary Kriging:  1
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Kriging 

• Variance for the error:  
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Kriging 

• Variogram: 
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Kriging 

• Variogram models: 

exponential gaussian 

monomial spherical 
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Kriging 

• Variogram 
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Kriging 

• Solving ordinary Kriging: 
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Validation Kriging results 

• Cross validation: remove an existing observation 

 

• Kriging Average Error (KAE): 

 

 

 

 

 

• Kriging Reduced Mean Square Error (KRMSE): 
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Kriging: example cross validation 
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Kriging to improve your network 

Source Unknown 
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Concluding 

• Inverse distance 

• Thiessen polygons 

• Contouring 

• Kriging  

• With error estimation 

• Helps to improve your network 

 


